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Multi—point Statistical Modeling Constrained by 3D Seismic Data-
Reducing of Uncertainty of Sand Body Prediction

WANG Jia-hua' XIA Jizhuang®

(1. School of Computer Sciences Xi’ an Shiyou University Xi’an 710065;
2. Geophysical Prospecting Research Institute Shengli Oilfield Company SINOPEC Dongying Shandong 257015)

Abstract: A study of reservoir modeling is present with 3D seismic and logging data by applying of multi-point statisti—
cal modeling and by the combination of seismic and logging data. The results indicate that the combination of seismic
and logging data can reduce uncertainty of reservoir modeling. The study includes the quality control of seismic data
the combination of soft and hard data the application of multipoint modeling the making of training image and the
selection of curves for sand body probability making. At last the result obtained by the combination of 3D seismic and
logging data makes a contrast with the result by only logging data. Seismic shale content cross sections are used as a
criterion for these analysis and contrast which include 3 levels: (1) contrast of distributions of sand and shale for up—
per part and low part of the reservoir (2) contrast of distributions of sand and shale for different wells and their neigh—
boring areas (3) contrast of among well logging sand prediction cross sections and both well logging and seismic sand
prediction cross sections produced by different random seeds. As a result of this paper multi-point statistical model—
ing constrained by 3D seismic data obviously increases reasonableness of sand prediction inter—wells and reduces un-
certainty of reservoir modeling.

Key Words: reservoir modeling; seismic data; logging data; multi-point statistical modeling; training image; curves

for sand body probability making



